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ABSTRACT 
User adaptation of customizable systems has been recommended as a way of increasing the system’s utility to users and 
thereby improve information technology (IT) usage.  However, a significant proportion of users do NOT adapt these systems, 
despite being aware of the increase in IT usefulness and ease of use from adaptation.  Such non-adaptive behavior runs 
counter to predictions from prior theories of IT usage such as the technology acceptance model.  As a first step toward 
understanding IT adaptation, we examine salient user motivations driving adaptation versus non-adaptation behaviors.  
Drawing from prior research, we define seven ex ante predictors of IT adaptation and examine the predictive ability of these 
factors in successfully discriminating between IT adapters and non-adapters.  Empirical data on MyYahoo web portal 
adaptation by student subjects supported three of seven hypothesized predictions.  Contributions of this study include 
drawing attention to the important yet ignored area of IT adaptation and elucidating some of the preliminary determinants of 
adaptation behaviors. 
Keywords 
Adaptation, Customization, IT Usage, Adoption 
INTRODUCTION 
Decades ago, mainframe-based software was developed generically and deployed identically across heterogeneous corporate 
settings.  Users were trained to use a common set of features in the same way.  However, with the advent of personal and 
web-based computing, software functionalities exploded and people started using software in idiosyncratic and unanticipated 
ways.  Many software vendors started adding limited degrees of adaptability to their programs to allow users to customize the 
interface to their personal needs and preferences.  For instance, today, one may customize her Microsoft Windows’ desktop 
and Microsoft Word’s toolbars to include only those programs, functionalities, menu items, templates, or documents she uses 
frequently.  Today’s web portals (e.g., Yahoo, CNN.com) also allow users to customize their interface by selecting from a 
wide variety of news, communication, commerce, and other services.  Corporate intranets too can also be adapted to only 
include issues of relevance to the company such as corporate news, internal workflow, and key business indicators.   
Information technology (IT) adaptation is defined as the process of modifying a generic IT in order to align it better to 
individual preferences or work requirements.  IT, in this context, may include not only computer hardware and software, but 
also information delivery mechanisms such as web portals.  In their six-stage model of IT implementation, Cooper and Zmud 
(1990) described adaptation as a post-adoptive process that may help enhance users’ routinization and infusion of IT.  Others 
(e.g., Leonard-Barton 1988) have recommended user-driven IT adaptation as a managerial strategy for improving the rate and 
extent of IT implementation in organizations.  Adaptable systems add value to users by delivering only desired functionalities 
or content to their desktop, reducing information overload, and thereby increasing their potential use of the system.  Hence, 
adaptation may be a powerful tool in the arsenal of organizational managers entrusted with the responsibility of enhancing IT 
utilization in their firms or enacting organizational change via the implementation of IT.  For IT vendors in service industries 
with subscription-based revenues (e.g., internet access providers), these systems also offer a viable way of improving user 
retention, since sunk costs (i.e., time and effort) incurred by users in adapting a service acts as a switching barrier dissuade 
them from switching to alternative services (Manber et al. 2000).   
However, a preliminary survey of MyYahoo (a customizable web portal) adaptation by this study’s authors found that a 
majority (59%) of users did NOT adapt IT, even when they were aware of the potential benefits from adaptation and knew 
how to adapt it (described later).  Such non-adaptive behaviors run counter to predictions from traditional theories of IT 
usage such as technology acceptance model (TAM), and is therefore deserving of further research.  The above finding 
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motivated us to examine potential reasons why some users choose to adapt versus not adapt an adaptable IT.  Hence, the goal 
of this paper is to understand predictors that can successfully discriminate between adapters and non-adapters. 
Understanding factors motivating IT adaptation is an interesting research topic for theoretical and practical reasons.  If 
adaptation indeed improves long-term usage of IT (i.e., IT continuance), understanding key drivers of adaptation may help 
add to our current knowledge of IT continuance, over and above the expectation-disconfirmation perspective presented by 
Bhattacherjee (2001).  In order to better understand post-adoptive behaviors such as IT adaptation, researchers need to focus 
on the distinctive features of IT, such as its adaptability, rather than view the IT application as a whole.  Understanding why 
users adapt or not adapt IT may help design systems that are more amenable to adaptation.  Further, ex ante identification of 
non-adapters may help target these users with intervention strategies for improving their changes of IT continuance. 
The rest of the paper proceeds as follows.  The next section outlines seven research hypotheses discriminating between 
adapters and non-adapters.  The third section outlines an empirical study for validating the above hypotheses.  The fourth 
section reports pretest and scale validation results.  The fifth section presents hypotheses testing results and their 
implications.  The final section ends with the study’s limitations and directions for future research. 
RESEARCH MODEL 
Prior academic research on IT adaptation has been sparse at best.  DeSanctis and Poole (1994) studied group support systems 
structuration (defined as simultaneous adaptation of IT and the organizational context surrounding the IT) and Orlikowski 
(1993) studied structuration of computer-aided software engineering tools, both within organizational contexts.  Majchrzak et 
al. (2000) studied IT adaptation at the work-group level within organizations.  However, to the best of our knowledge, no 
published research has yet examined IT adaptation at the individual level or in personal-usage context, which is the focus of 
this study.  Further, while adaptive structuration theory partially explains the adaptation process in organizational settings 
(e.g., DeSanctis and Poole 1994), we do not know if this theory can be extended to adaptation of personal-use IT. 
As a first step toward understanding the causative determinants of individual IT adaptation, we examine potential predictors 
that can successfully discriminate between adapters and non-adapters.  At least two studies examined similar research in 
other phases of IT usage (but not adaptation).  Studying household adoption of personal computers, Venkatesh and Brown 
(2001) found significantly differences in the motivations of adopters and non-adopters in that the former were driven by 
utilitarian, hedonic (e.g., fun), and social (e.g., image) outcomes from adoption, while the latter were influenced primarily by 
technological change and fear of IT obsolescence.  Comparing Internet access service continuers versus discontinuers, 
Parthasarathy and Bhattacherjee (1998) observed that the two groups were significantly different in their communication 
influences (interpersonal and mass media), perceived technological attributes (usefulness, compatibility), service utilization, 
and network externality (complementary product usage).  Viewing IT adaptation as a rational choice behavior and extending 
from the above research, we posit that individual adaptation decisions involve consideration of (1) the expected 
characteristics of the adaptation process, (2) the realized characteristics of the pre-adapted IT, and (3) external factors such as 
competing IT usage.  Seven hypotheses are developed based on these categories, as described next. 
Two factors from prior research that have consistently predicted IT usage are perceived usefulness and self-efficacy.  
Usefulness refers to users’ perceptions of the utilitarian value of a new IT, while self-efficacy refers to their perceived ability 
to use the IT appropriately.  Theoretical support for perceived usefulness comes from the technology acceptance model 
(Davis et al. 1989), while social-cognitive theory supports the choice of self-efficacy (Compeau et al. 1999).  Extending the 
above research to the adaptation context, users may engage in adaptive behavior if they believe that (1) the adaptation process 
(rather than the technology) will improve their utilitarian outcomes, and (2) they possess the necessary ability to adapt it to 
their specific needs and preferences.  We label these constructs adaptation usefulness and adaptation self-efficacy, to 
distinguish from perceived usefulness of IT and self-efficacy regarding IT use.  Similar to their original form, both of these 
constructs are user perceptions, though the perceptions is regarding the adaptation of an adaptable IT rather than the IT itself.  
Hence, we hypothesize:  
H1:  The likelihood of adaptation is positively related to users’ adaptation usefulness. 
H2: The likelihood of adaptation is positively related to users’ adaptation self-efficacy. 
IT adaptability, defined as users perceptions of the extent to which a given IT can be adapted to their personal needs and 
preferences, is hypothesized to be an additional predictor of IT adaptation.  This expectation is reasonable since non-adapters 
often do not adapt because they are unsure whether a given IT can be adapted to their needs (as revealed in our pretest study 
described later).  Hence: 
H3: The likelihood of adaptation is positively related to users’ perceptions of the adaptability of the target IT. 
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Note that other predictors proposed by prior IT usage research, such as ease of use, subjective norm, and attitude, are 
empirically found to have less significant and inconsistent effects during later or post-adoptive stages of IT usage, despite 
strong effects during initial IT acceptance.  Given that IT adaptation is a post-adoptive behavior, we decided to exclude these 
constructs from our study.  
Since IT adaptation follows and is contingent upon IT adoption (Cooper and Zmud 1990), user perceptions and experiences 
related to base (pre-adapted) IT adoption may have some residual effects on their subsequent adaptation behavior.  Users that 
do not perceive the base IT to be useful, based on their adoption experience, are also less likely to expend additional time or 
effort in adapting it.  Likewise, users that are dissatisfied with their initial experience with IT usage are less likely to adapt it 
further.  Finally, users who under-utilized the base IT (for reasons such as low perceived usefulness of the base system) are 
less likely to adapt it further for increasing their IT utilization.  Hence, users’ perceptions of pre-adapted IT usefulness, IT 
satisfaction, and prior IT usage is expected to influence their adaptation decision.  Therefore: 
H4: The likelihood of adaptation is positively related to users’ (pre-adapted) IT usefulness. 
H5: The likelihood of adaptation is positively related to users’ (pre-adapted) IT satisfaction. 
H6: The likelihood of adaptation is positively related to users’ (pre-adapted) prior IT usage. 
Network externality, such as prior usage of competing IT, has been proposed in the economics literature as a constraining 
external factor driving individual behavior (Katz and Shapiro 1986).  Even when an adaptable IT is perceived useful, it may 
not be adapted it if users have already invested time and effort in adapting a competing IT.  The sunk cost invested in 
adapting an alternative IT acts as a switching barrier, demotivating users from adapting a different IT.  As a result, MyAOL 
or MyMSN users are less likely to adapt a different portal like Yahoo.  Though external factors such as competing IT usage 
has mostly been ignored in prior usage research, given the multiplicity of available alternatives (e.g., from different vendors) 
today, such factors demand attention in today’s IT era.  Hence: 
H7: The likelihood of adaptation is negatively related to users’ competing IT usage. 
RESEARCH METHODOLOGY 
The above hypotheses were empirically tested using data collected from a longitudinal study of MyYahoo customization by 
web portal users.  MyYahoo, a customizable web portal from Yahoo, was chosen specifically because of the high level of 
customizable features offered by this portal and the potential implications of these features in shaping user behavior.  For 
instance, MyYahoo’s customized news feeds on diverse topics like news, sports, and finance may reduce the need for 
multiple vertical portals, its address book can reduce users’ dependence on offline media such as paper-based address books, 
and its scheduler/calendar can minimize the need for personal digital assistants.  
Subjects were drawn from graduate (N=53) and senior-level undergraduate (N=63) students enrolled in the information 
systems program at a large public university, for a total sample size of 116.  Subjects’ mean age, full-time work experience, 
and computer usage experience were 26.5 years, 3.9 years, and 8.3 years respectively.  Fifty-three subjects used Yahoo 
regularly prior to the study, and 19 subjects had previously used MyYahoo.  Using student subjects allowed us to control for 
subjects’ knowledge of and exposure to the MyYahoo portal, and hence improve the internal validity of our empirical 
findings. Since students routinely use the web for information search, product and service purchases, bill payment, and other 
everyday activities, they were considered somewhat representative of the target population of web users at large.  Subjects’ 
participation was voluntary. 
The study proceeded in two sessions.  At the start of the first session, a fill-in questionnaire was used to capture demographic 
data, subjects’ usage and beliefs relating to the base Yahoo portal, and their usage of competing portals.  Subjects were then 
introduced to the concept and benefits of customized portals and MyYahoo’s customization process via a live demonstration. 
At the end of this session, subjects completed a questionnaire that captured their perceptions of MyYahoo’s adaptability, and 
usefulness and self-efficacy related to the adaptation process.  The second session, conducted one month later, asked 
subjects’ whether they adapted MyYahoo since the in-class demonstration and the extent of adaptation.  Responses from 
these questionnaires were matched using the last four digits of subjects’ home telephone number (self-reported) to create a 
single temporal record for each respondent. 
Two types of measures were employed for construct measurement: latent constructs and direct measures.  Five latent 
constructs were used for perceptual measures (measured using multiple-item pre-validated scales from prior research), while 
three direct measures were used for binary constructs (using fill-in items).  Among latent constructs, IT usefulness (pre-
adapted) and adaptation usefulness was measured using slightly reworded versions of Davis et al.’s (1989) four-item Likert-
scaled perceived usefulness scale.  Adaptation self-efficacy was measured using Likert-scaled measures taken from Compeau 
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et al. (1999).  IT satisfaction (pre-adapted) was measured using Bhattacherjee’s (2001) four-item semantic differential scale.  
Since IT adaptability is a new construct, a four-item Likert scaled measure was developed based on qualitative analysis of 
pretest data (described later).  Our pretest study (described below) found that the three dimensions of adaptability for the 
MyYahoo interface were content, layout (organization), and format (colors, background).  Hence three items were created to 
measure IT adaptability as “The (a) content, (b) layout (organization), and (c) format (colors, background) of the MyYahoo 
portal can be adequately customized to my needs,” plus a fourth item assessed overall adaptability: (d) “Overall, I find the My 
Yahoo portal adequately customizable for my needs.”  Among direct measures, IT usage (pre-adapted) was measured using a 
self-reported fill-in item: minutes of Yahoo usage per month.  Competing IT usage was a binary variable (self-reported), 
coded as 1 if subjects used a portal other than Yahoo at the time of the study, and 0 if they used Yahoo alone or in 
combination with other portals.  The dependent variable, IT adaptation, was also a binary variable, coded as 1 if subjects 
adapted the MyYahoo portal at least once since the initial demo, and 0 otherwise.  Actual scale items are not reported due to 
space constraints, but are available from the authors upon request.  
Several statistical and experimental controls were employed to minimize potential confounding effects of extraneous factors 
on IT adaptation and thereby increase internal validity of our findings. Among statistical controls, two binary control 
variables were included in our data analysis: prior adaptation, which captured whether or not subjects used MyYahoo prior to 
this study, and competing IT usage, which examined whether or not they used other customized portals such as MyAOL 
priori to this study.  Among experimental controls, the effect of technology-induced variance (e.g., due to new MyYahoo 
features added over time) was controlled by restricting our study to a single customizable portal and by limiting our 
longitudinal duration of the study to one month.  The potential impact of environmental factors, such as subjects’ awareness 
and non-uniform IT exposure on their adaptation behavior, are ruled out by formally introducing all subjects to the target IT 
(MyYahoo) via a live instructor-led demonstration. 
PRETEST AND SCALE VALIDATION 
An initial pretest study was conducted to test the appropriateness of our chosen constructs and to derive an initial set of items 
for measuring IT adaptability.  The subject pool for this study consisted of 14 graduate students, who were given a MyYahoo 
demonstration and asked a set of open-ended questions about why they may or may not want to customize the portal and 
what specific features of the portal they may customize.  Subjects’ textual responses were content analyzed by three 
independent raters into predefined categories: the hypothesized constructs plus ease of use and compatibility (expected from 
prior IT usage research) and an “other” category.  Initial inter-rater agreement was 83 percent.  Item differences across raters 
were resolved through discussion until a consensus was reached.  
The pretest results provided overwhelming support for adaptation usefulness as the primary driver of MyYahoo 
customization, while competing IT usage (e.g., MyAOL) and prior lack of awareness of MyYahoo’s adaptability were the 
key barriers.  Other expected predictors, such as IT self-efficacy, and usage, usefulness, and satisfaction with pre-adapted IT 
were not mentioned, but were retained in our model in view of their theoretical support from prior IT usage research.  
MyYahoo attributes that subjects considered worthy of adaptation (i.e., content, layout, format) were used to create the new 
IT adaptability scale. 
Scale validation for the five latent (perceptual, multiple-item) constructs was performed using confirmatory factor analysis 
(CFA); the three direct measures were excluded from this analysis.  CFA was appropriate given that most of our 
measurement scales were pre-validated in prior research.  This analysis was performed using the SAS CALIS procedure, 
modeling scale items as reflective indicators of their latent constructs.  Convergent validity was assessed using three criteria 
recommended by Fornell and Larcker (1981): (1) all item factor loadings (λ) should be significant and exceed a threshold 
value of 0.70, (2) composite construct reliabilities should exceed 0.80, and (3) average variance extracted (AVE) for each 
construct should exceed 0.50.  All CFA factor loadings in our analysis were significant at p<0.001, and all except three items 
had loadings above the minimum level of 0.70 (see Table 1).  The three non-conforming items belonged to the IT self-
efficacy scale: two items had factor loadings of 0.38 and 0.39 and were dropped from subsequent analysis, while the third 
item had a loading of 0.69 and was retained. After removing the above items, composite reliability and AVE for all 
constructs exceeded the minimum acceptance norms. 
For discriminant validity, the square root of AVE for each construct should exceed all correlations between that and other 
constructs.  Fornell and Larker (1981) holds that this is a stronger test of discriminant validity than pair-wise comparisons of 
chi-square values of unconstrained and constrained CFA models often reported in the literature.  Table 1 reveals that the 
lowest square root of AVE among all constructs was 0.83 (square root of 0.69 for adaptation self-efficacy), while highest 
correlation between any pair of constructs was 0.75 (between adaptation usefulness and IT adaptability), confirming that all 
constructs in our model met the criterion for discriminant validity. 
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Inter-construct correlations Construct CFA item loadings  
(standardized) 
Composite 
reliability 
AVE 
PU AD AU SE PS 
PU .92, .94, .94, .72 0.94 0.78 1.00     
AD .92, .95, .94, .88 0.96 0.85 0.22* 1.00    
AU .93, .97, .95, .88 0.96 0.87 0.40* 0.75* 1.00   
SE .90, .88, .38, .39, .69 0.87** 0.69** 0.11 0.27* 0.18* 1.00  
PS .94, .91, .92, .87 0.95 0.83 0.28* 0.56* 0.53* 0.11 1.00 
Legend: PU: IT usefulness (pre-adapted); AD: IT adaptability; AU: Adaptation usefulness; SE: Adaptation self-
efficacy; PS: IT satisfaction (pre-adapted). 
*Significant correlations. 
**Computed after excluding the third and fourth SE items. 
Table 1: Scale Reliability and Validity 
DATA ANALYSIS AND RESULTS 
Given the binary nature of our dependent variable (IT adapter versus non-adapter), stepwise logistic regression was employed 
for analyzing our hypothesized effects.  Logistic regression was preferred over alternative statistical procedures such as 
discriminant analysis, because it is more robust to violations of normality and homoskedasticity (equality of variance-
covariance matrices across groups) assumptions of the underlying sample (Hair et al. 1998).  Further, logistic regression 
provides a prediction equation that can be interpreted in a manner similar to traditional regression analysis.  Since this 
analysis required individual scale items to be replaced with a single composite measure for the entire construct, principal 
components analysis was used to generate a linear combination of scale items for each latent construct.  For consistent 
interpretation of means and effect sizes, all composite scales were scaled to a 1-7 range, except prior IT usage which, being a 
ratio scale (minutes of usage), was scaled to a 0-6 range.  The resulting construct means for the adapter and non-adapter 
groups are shown in Table 2.   These means were significantly different (p<0.05) between the adapter and non-adapter groups 
for five of our seven predictors, with IT adaptability being marginally significant (p=0.055) and IT satisfaction being non-
significant (p=0.18).  Neither of the two control variables were significantly different between the two groups.  Our total 
sample of 116 consisted of 48 adapters (41%) and 68 non-adapters (59%). 
Construct Adapter  
mean* (SD)  
Non-adapter  
mean* (SD) 
Comparison of 
means: p-value 
Adaptation usefulness 5.46 (1.19) 4.60 (1.74) 0.003 
Adaptation self-efficacy 6.62 (0.63) 6.30 (0.76) 0.015 
IT adaptability 5.97 (1.21) 5.52 (1.33) 0.055 
IT usefulness (pre-adapted) 4.39 (1.54) 3.79 (1.32) 0.021 
IT satisfaction (pre-adapted) 5.17 (1.36) 4.86 (1.20) 0.181 
Prior IT usage (pre-adapted) 2.10 (2.34) 0.47 (0.84) 0.001 
Competing IT usage** 0.27 (0.45) 0.60 (0.49) 0.011 
Prior adaptation** 0.18 (0.39) 0.13 (0.33) 0.365 
Competing IT usage** 0.20 (0.41) 0.16 (0.37) 0.557 
*Means computed using eigenvectors from principal-components analysis. 
**Binary scales. 
Table 2: Group Means and Standard Deviations 
All variables were entered into a stepwise logistic regression analysis using the SAS LOGISTIC procedure.  The final model 
had a chi-square statistic of 39.59 with three degrees of freedom (p<0.0001).  This statistic can be interpreted similar to the F-
test in traditional regression analysis, which indicates that the overall model was statistically significant.  Three constructs 
(competing IT usage, IT usefulness, and adaptation usefulness) emerged significant (p<0.05) from this analysis, as shown in 
Table 3.  
The above model was validated using a jackknife approach, whereby one observation was dropped from the data set, the 
prediction equation was re-calculated, and the new equation was then used to predict whether the removed observation was 
an event (adapter) or non-event (non-adapter).  The jackknife test, conducted for all 116 observations in the data set, provided 
correct classifications for 26 out of 48 subjects (54%) in the adapter group and 60 out of 68 non-adapters (88%), for an 
overall classification accuracy of 74% (86 out of 116) across both groups.  Using this classification table, the tau measure of 
improvement over chance was calculated as 47%, suggesting that the resulting logistic model is expected to reduce 
classification errors by 52% over random classifications.   
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Construct 95% Wald confidence limits 
 
β Standard 
error 
Wald 
chi-square 
p-value Odds 
ratio Lower Upper 
Intercept  -2.23 0.84 7.07 0.008 N/A N/A N/A 
Competing IT usage -1.21 0.46 6.96 0.008 0.297 0.12 0.73 
Prior IT usage 0.66 0.23 7.86 0.005 1.927 1.22 3.05 
Adaptation usefulness 0.36 0.16 5.23 0.022 1.432 1.05 1.95 
Model chi-square: 39.59 (df=3, p<0.0001) 
Table 3: Logistic Regression Results 
Despite their similarities to linear regression, beta coefficients in logistic regression require special interpretation.  Each beta 
is the natural logarithm of an odds ratio, defined as the ratio of the probability of the occurrence of the target event (i.e., user 
adaptation) over the probability of its non-occurrence (non-adaptation).  Odds ratio for each construct, along with their 95% 
Wald confidence limits are shown in Table 3.  Competing IT usage had an odds ratio of 0.297, suggesting that subjects using 
non-Yahoo portals prior to the study had lower odds of adapting (0.318 times normal odds) than those using Yahoo.  
Likewise, odds ratios for pre-adapted IT usage and adaptable IT usefulness were 1.927 and 1.432 respectively, indicating that 
one unit change in these constructs was likely to result in 1.927 and 1.432 times better odds of users adapting the target IT 
(MyYahoo).  Note that the range of competing IT usage (binary variable) was 0-1, while that of prior IT usage was 0-6, and 
for adaptation usefulness was 1-7.  These range differences should be taken into account while comparing odds effect across 
variables. 
Several interesting patterns can be gleaned from the above findings.  First, competing IT usage was a significant predictor of 
IT adaptation, suggesting that users’ adaptation versus non-adaptation behavior depends substantively on their prior history 
of IT (or competing IT) usage.  Competing IT usage is a network externality factor, which has been generally overlooked in 
prior IT usage research.  Our finding points to the need and importance of including such factors in future studies of post-
adoptive behaviors such as adaptation, especially at the current time when users have multiple choices for IT adoption.  
Second, prior (pre-adapted) IT usage was positively related to the likelihood of IT adaptation, and understandably so, since 
these users stands to gain more from adapting the IT than prior non-users.  Third, consistent with expectations from prior 
TAM research, adaptation usefulness perception was also a significant predictor of IT adaptation, reaffirming the importance 
of this construct in the adaptation context.   
Unexpectedly, two adaptation-related characteristics (self-efficacy and adaptability perceptions) and two characteristics of 
prior IT usage (IT usefulness and satisfaction) had non-significant effects on user adaptation decisions.  These non-significant 
effects may have been caused by our small sample size and the homogeneous and idiosyncratic nature of our subjects 
(information systems students), resulting in low statistical power to detect the hypothesized effects.  For instance, self-
efficacy means for adapters and non-adapters in this study were 6.62 and 6.30 respectively (see Table 2), which were both so 
high to begin with that subjects’ ability to customize the MyYahoo portal possibly did not constrain their adaptation versus 
non-adaptation decisions.  It is possible that self-efficacy may play a more significant role for more complex IT or for subject 
samples that are less technology-proficient than that employed in this study.  Similar range restrictions may have caused the 
non-significance of the IT adaptability effect, since adaptability means were 5.97 and 5.52 for the adapter and non-adapter 
groups respectively and the difference in these means was marginally significant (p=0.055), though this non-significance was 
perplexing, in light of our pretest findings and theoretical expectation.  The lack of effect of prior IT satisfaction may also be 
partially attributed to the non-significant difference in satisfaction means between the adapter and non-adapter groups (see 
Table 2).  The non-significance of prior IT (Yahoo) usefulness may imply that once users experience an adaptable system, 
their perceptions of the prior base (pre-adapted) system may be less relevant in their subsequent adaptation decisions.   
Finally, while adaptation usefulness was a significant predictor of adaptation, prior (pre-adapted) IT usefulness was not.  This 
implies that users may view an adapted IT as being distinct from the pre-adapted base system, and may attach different 
(possibly, incremental) usefulness perceptions to each.  The implication of this observation is that researchers should measure 
adaptation usefulness as a distinct construct, rather than viewing it as a portion of overall IT usefulness.  
LIMITATIONS AND CONTRIBUTIONS 
The study’s findings should be interpreted in light of its limitations.  First, our use of student subjects may have hurt the 
generalizability of our findings.  College-educated web users (our sample) may use portals differently from web users in 
general (e.g., higher self-efficacy), which may have contributed to some of our non-significant findings.  Hence, we suggest 
that future researchers consider using a more representative (less homogeneous) sample of the user population in studying IT 
adaptation.  Second, our binary operationalization of IT adaptation (the dependent variable) may be overly simplistic, since 
users may have different levels or degrees of adaptation.  In fact, simple linear regression using an interval-scaled adaptation 
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construct may have greater statistical power to detect hypothesized effects than logistic regression using binary adaptation , 
as done in this study.  Hence, future researchers may consider interval-scaled operationalizations of the adaptation construct.  
Third, we used self-reported measures of both IT adaptation and its predictors, potentially subjecting our findings to common 
method bias.  To alleviate this concern, we suggest that future research in this area consider objective rather than perceptual 
measurement of the dependent variable. 
Despite the above limitations, this paper has several unique contributions for IT research.  First, as one of the earliest studies 
in individual-level IT adaptation, this study draws attention to the ignored yet potentially important domain of IT usage.  As 
noted before, IT adaptation may be an important managerial tool in enhancing organizational routinization and infusion of IT, 
and is relevant for researchers due to its potential association with IT continuance.  We hope that this study will inspire future 
theoretical and empirical investigation of the adaptation phenomenon in areas such as understanding the process of IT 
adaptation (as opposed to the key drivers), investigating IT adaptation within organizational contexts (where institutional 
forces such as subjective norm and management support may be relevant), and examining how adaptation and non-adaptation 
decisions are different in terms of their respective predictors.  Second, this study elucidates some of the potential factors 
influencing IT adaptation decisions, namely adaptation usefulness, prior (pre-adapted) IT usage, and competing IT usage.  
Presumably, there may be additional determinants of adaptation, which are left open for future research.  Identification of the 
above determinants is the first step toward building a theoretical model of IT adaptation, which is currently lacking from the 
literature. 
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